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Abstract. Over the past thirteen years, the large-scale biomedical se-
mantic indexing and question-answering challenge (BioASQ) has consis-
tently driven the advancement of methods and tools that enhance access
to the rapidly growing body of scientific resources in the biomedical do-
main. BioASQ offers a unique common testbed where research teams
worldwide can evaluate and compare innovative approaches for access-
ing biomedical knowledge by organizing shared tasks on an annual basis
and providing respective benchmark datasets that represent the real in-
formation needs of biomedical experts.

The fourteenth version of BioASQ (BioASQ14) will be held as an evalu-
ation Lab in the context of CLEF2026, providing six tasks: (i) Task b on
biomedical semantic question answering. (ii) Task Synergy on question
answering for developing biomedical topics. (iii) Task MultiClinSum-2
on multilingual clinical summarization. (iv) Task BioNNE-R on nested
relation extraction in Russian and English. (v) Task ELCardioCC on
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clinical coding in cardiology. (vi) Task GutBrainIE on gut-brain inter-
play information extraction. Through its six shared tasks, BioASQ14
challenges the research community to develop methods that go beyond
the current state of the art, fostering innovative approaches that enable
efficient and precise access to biomedical knowledge while pushing the
research frontier forward.
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1 Introduction

BioASQ1 [37] was introduced in 2012 as a series of international challenges and
workshops on biomedical semantic indexing and question answering (QA). Since
then, BioASQ has offered a range of shared tasks on biomedical information
access, machine learning, information retrieval, and information extraction, and
has welcomed participation from more than 150 teams from 36 distinct coun-
tries. The benchmark datasets and corresponding open-source infrastructure de-
veloped for BioASQ tasks enable researchers in biomedical information access
systems to work on the same realistic scenarios and compare the performance
of their approaches. In addition, the respective annual BioASQ workshops allow
the participants to present and discuss their methods with the research commu-
nity [8, 11, 30–32, 19]. By consistently recognizing the most successful approaches
in each shared task and sub-task, BioASQ drives the development of systems that
surpass previous methods. These advances in biomedical semantic indexing and
QA are progressively enabling more accurate retrieval of biomedical knowledge
and contributing to the enhancement of healthcare services.

2 BioASQ evaluation lab 2026

The fourteenth BioASQ challenge (BioASQ14), to be held as part of the Con-
ference and Labs of the Evaluation Forum (CLEF) 20262, will be structured
into six tasks that are central to accessing biomedical knowledge and answering
biomedical questions: (i) Task b3 on the processing of biomedical questions, the
generation of answers, and the retrieval of supporting material, (ii) Task Synergy
on biomedical QA for developing topics, such as COVID-19, where resources are
not necessarily sufficient to provide definite answers, (iii) Task MultiClinSum-2
on Multilingual Clinical Summarization. (iv) Task BioNNE-R: on the automated
relation extraction between nested named entities in Russian and English. (v)
Task ELCardioCC on clinical coding of Greek cardiology discharge letters. (vi)
Task GutBrainIE on extracting and linking knowledge from the scientific liter-
ature on the gut-brain interplay. As Task b and Task Synergy have also been

1 http://www.bioasq.org
2 https://clef2026.clef-initiative.eu/
3 Since the first BioASQ, the task on biomedical semantic indexing has been called
Task a and the task on QA Task b, for brevity. Task a was completed in 2020 [9].
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organized in the context of previous editions of the BioASQ challenge [22, 21,
27, 25], we refer to their current version, in the context of BioASQ14, as task
14b, task Synergy 14 respectively. Detailed guidelines for participating in each
BioASQ task are available online4.

2.1 Task 14b: Biomedical question answering

BioASQ task 14b is conducted in three phases. In Phase A, systems are given
biomedical questions in English and must retrieve relevant material that is
PubMed documents and snippets. In Phase A+, systems are required to pro-
vide both ‘ideal’ and ‘exact’ answers for these questions. The ‘ideal’ answer is a
paragraph-length summary, regardless of the question type but the form of the
‘exact’ answer varies by question type: it can be a yes or no (yes/no type), an
entity name such as a gene or drug (factoid type), or a list of entity names (list
type)5. Finally, in Phase B, systems are supplied with relevant material selected
by the BioASQ experts and must provide updated ‘ideal’ and ‘exact’ answers
based on this additional information. The results from the previous version of
the task [25] reveal that state-of-the-art LLM-based systems can provide correct
answers for yes/no questions, even without access to ground truth relevant ma-
terial (Top maF1 0.97 ±0.03 in Phase A+). For factoid and list questions, on the
other hand, there is more room for improvement (top factoid MRR 0.64 ±0.11,
top list F1 0.57 ±0.02 in Phase B), especially without access to the ground truth
relevant material (top factoid MRR 0.64 ±0.11 and top list F1 0.57 ±0.02 in
Phase A+). Therefore, the retrieval of relevant material appears to be a signif-
icant persisting challenge (top document MAP 0.58 ±0.08 and top snippet f1
0.24 ±0.02 in Phase A)6.

About 300 new biomedical questions annotated with golden documents, snip-
pets, and answers (‘exact’ and ‘ideal’) will be developed for testing. In addition,
a training set of about 5,700 biomedical questions, accompanied by answers and
supporting evidence (documents and snippets), will be available from previous
versions of the tasks, as a unique resource for the development of question-
answering systems [20, 10]. The evaluation in task 14b is done manually by the
experts who assess each system response and automatically by employing a va-
riety of established evaluation measures [16] as in task 13b [25].

2.2 Task Synergy 14: Question answering for developing topics

In 2020, we introduced the BioASQ task Synergy to advance research on emerg-
ing biomedical topics, such as COVID-19 [11, 12]. Unlike the original task b,
task Synergy is structured as a continuous dialogue, enabling experts to pose
open questions on developing topics for which a definitive answer may not be

4 https://participants-area.bioasq.org/
5 For questions of type summary, no ‘exact’ answer is defined, only an ‘ideal’ answer.
6 The reported performance of top participating systems has been averaged across the
four test batches of BioASQ13
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known in advance. Systems provide relevant material, including documents and
snippets, along with answers, which are then assessed by the BioASQ experts.
Feedback from these assessments is provided back to the systems after each
round to refine their responses to the same questions. This iterative process con-
tinues across multiple rounds, incorporating new material based on updates to
the original document resource [26]. Since 2023, this evolving document resource
is PubMed [21]. During task Synergy 13 [25], the systems managed to identify
enough relevant material to provide an answer to about 80% of the questions
and provide at least one ideal answer of ground-truth quality for about 47% of
them.

A training dataset for task Synergy is already available from previous ver-
sions of the task [25, 24, 23, 29, 28]. It consists of approximately 400 questions
on developing topics, with incremental annotations including relevant material
and answers. In addition, this set will be extended with about fifty new open
questions on developing health topics and incremental feedback for the systems
after each of the four rounds of task Synergy 14. Meanwhile, any existing ques-
tions that remain relevant may be enriched with more recent material and more
up-to-date answers as well. The primary goal of task Synergy 14 is to support
experts in incrementally advancing the understanding of evolving health topics
and in discovering new solutions. However, the same evaluation measures used in
task 14b will also apply for completeness. For the information retrieval part, only
new material will be considered per round (residual collection evaluation [36]).

2.3 Task MultiClinSum-2: Multilingual Clinical Summarization

There is an increasing demand for automated tools that can efficiently process
and summarise clinical narratives written in multiple languages. Clinical case
reports and medical records are accumulating rapidly and often contain lengthy,
jargon-heavy descriptions that are time-consuming for clinicians and researchers
to understand and extract relevant information. While Large Language Models
(LLMs) have made significant progress in clinical summarisation, their perfor-
mance across languages, data domains and summarisation styles remains insuf-
ficiently benchmarked.

The MultiClinSum-2 task extends the previous edition by expanding both
the dataset and evaluation scope for multilingual clinical summarization. As
in the first edition, participants will generate summaries for full-length clini-
cal case reports written in English, Spanish, French, and Portuguese. In addi-
tion, new languages such as Italian, Swedish, Czech, or Dutch are being con-
sidered for addition, further broadening the linguistic coverage of the task. The
summaries, which will be released as Gold Standard, are based on the original
author-provided summaries of the corresponding full clinical case report descrip-
tions. These summaries are not supposed to be readable by laypersons, as this
is not the main focus of the task, but rather by medical-related experts to cover
key clinical insight, such as patient characteristics (age, gender, etc.), reason for
consultation, anamnesis and physical exploration, diagnosis, treatment, and out-
come. Beyond traditional lexical and semantic metrics such as ROUGE-2 and
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BERTScore, this second edition will introduce factual consistency (FC) assess-
ment and LLM-as-a-Judge evaluation, where large language models may assist
in ranking or validating summary quality. As clinical case reports share common
structure with medical discharge summaries, MultiClinSum-2 aims to provide in-
sights not only for publication-style narratives but also for real-world healthcare
applications.

2.4 Task BioNNE-R: Nested Relation Extraction in Russian and
English

The BioNNE-R shared task addresses the NLP challenge of relation extraction
involving nested named entities, i.e. entities that contain other entities within
their boundaries. Relations between nested entities may cross entity boundaries,
connecting shorter entities within longer ones, making detection more challeng-
ing. For example, blood system tumor includes internal entities blood, blood sys-
tem, and tumor. Several internal relations within blood system tumor can be
identified: blood is a part of blood system; blood system tumor is a subclass of
tumor ; blood system tumor affects blood system. Moreover, internal entities can
also relate to external entities as blood system is a part of patient, mentioned
separately. Capturing such nested relations enables more comprehensive infor-
mation extraction, yet the annotation and extraction of nested relations remain
insufficiently studied.

Following earlier shared tasks on nested entity processing BioNNE 2024 [4]
and BioNNE-L 2025 [35] tasks, the evaluation framework is divided as follows:
1. Track Language-oriented: Participants in this track must develop a model for
nested relation extraction in a target language (English or Russian). 2. Track
Bilingual: Participants must train a single model using training data for both
Russian and English languages. The task data will be based on the NEREL-
BIO dataset [15], which includes annotated mentions of disorders, anatomical
structures, chemicals, diagnostic procedures, and other biomedical entities.

2.5 Task ELCardioCC: Clinical Coding in Cardiology

Clinical coding is the process of translating clinical documentation from patient
health records into standardized coding systems [5]. This translation facilitates
the generation of reliable datasets for epidemiological research, health service
planning, and statistical evaluation. The procedure is inherently complex, re-
quiring significant cognitive effort and meticulous adherence to coding standards
to maintain uniformity and validity across records. Nevertheless, the majority
of existing research has concentrated on clinical text written in English, result-
ing in a notable underrepresentation of other languages, including Greek. This
linguistic imbalance limits the generalizability of current findings and creates
challenges for developing language-specific resources, such as annotated corpora,
terminologies, and natural language processing tools. Addressing this gap is es-
sential for enabling equitable access to advanced clinical text mining techniques
across diverse healthcare systems.
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The ELCardioCC 2026 shared task concerns the automatic assignment of
cardiology-related ICD-10 codes to hospital discharge letters at the document
level. The task can be approached in two ways: either by combining Named En-
tity Recognition (NER) and Entity Linking (EL) techniques, or by formulating
it as a multi-label classification (MLC) problem. To support both directions,
we introduce a mixed dataset consisting of 1,500 documents annotated at both
the document and mention level, suitable for NER+EL approaches, and 1,000
documents annotated only at the document level, intended for MLC approaches.
In total, the dataset comprises 2,500 documents for training and development
and 500 documents for testing. Finally, the coding standards will be available to
participants.

2.6 Task GutBrainIE: Gut-Brain Interplay Information Extraction

Recent evidence suggests a connection between neurological and gut disorders
that may play a critical role in mental health-related disorders or diseases like
Multiple Sclerosis, Parkinson’s, and Alzheimer’s [1–3, 7]. The GutBrainIE task
aims to foster the development of Information Extraction (IE) systems that sup-
port experts by automatically extracting and linking knowledge from scientific
literature, facilitating the understanding of gut-brain interplay and its role in
neurological diseases. The task is divided into two main subtasks. In the first,
participants are provided with PubMed abstracts discussing the gut-brain inter-
play and asked to identify named entities and link them to the corresponding
concepts in reference biomedical resources (e.g., UMLS). In the second subtask,
participants are required to identify relations between pairs of extracted entities,
assigning the appropriate relation predicate that connects them. For both sub-
tasks, submitted runs are evaluated using Precision, Recall, and F1 measures
against gold annotations created by domain experts. Last year’s results high-
light a clear difficulty gap between the two subtasks: half of the participating
teams achieved strong effectiveness in named entity recognition (F1 ≥ 0.8), while
relation extraction saw the best systems scoring in the 0.34–0.46 F1 range. Top-
performing approaches relied on supervised fine-tuning of classification heads on
top of transformer models pre-trained on biomedical corpora, while LLM-based
approaches showed limited effectiveness [17].

The GutBrainIE dataset comprises over 1,600 PubMed abstracts annotated
with entity mentions, concept links, and relations. We focus on abstracts only
as they summarize the most important information in each paper and typically
give a higher density of entity mentions of interest. The entity schema covers
general biomedical categories (e.g., bacteria, drug), gut-brain specific ones (e.g.,
microbiome), and experimental concepts (e.g., statistical technique). About rela-
tions, we defined a total of 17 predicates, resulting in 55 possible relation triples
(head entity, predicate, tail entity). The dataset is split into training, validation,
and test sets. Together with the dataset, we provide reference resources used for
entity linking and annotation guidelines.
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2.7 BioASQ datasets and tools

BioASQ offers an ecosystem of publicly available datasets7 and tools8, including
a range of evaluation measures [16] and the BioASQ Annotation Tool [33] for
the development of QA datasets. In addition to the unique datasets provided for
this year’s six tasks, BioASQ also offers: i) a benchmark dataset of more than
16.2 million articles on biomedical semantic indexing (task a) [9], ii) the task
MESINESP datasets [6, 34] of more than 300K articles, on medical semantic
indexing in Spanish, iii) the task DisTEMIST [18], task MedProcNER [13], and
task MultiCardioNER [14] on medical information extraction from clinical case
documents, iv) the datasets of the tasks task BioNNE [4] and task BioNNE-L [35]
on nested named entity recognition and linking.

3 Conclusions

BioASQ promotes the exchange and integration of ideas by offering shared tasks
on semantic indexing and question answering, and providing unique, realistic
datasets and evaluation tools for research on biomedical information access meth-
ods. This, in turn, accelerates progress in the field, as reflected in the steady
improvement of task scores [20, 22, 21, 27]. A notable example is BioASQ’s role
in supporting the adoption of fully automated MeSH indexing at NLM [9]. Like-
wise, we anticipate that this edition of BioASQ will enable participating teams
to further advance the six open tasks offered this year.
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Rodriguez-López, E., Loukachevitch, N., Sakhovskiy, A., Tutubalina, E., Dimitri-
adis, D., Tsoumakas, G., Giannakoulas, G., Bekiaridou, A., Samaras, A., Nun-
zio, G.M.D., Ferro, N., Marchesin, S., Martinelli, M., Silvello, G., Paliouras, G.:
Overview of BioASQ 2025: The Thirteenth BioASQ Challenge on Large-Scale
Biomedical Semantic Indexing and Question Answering. In: Carrillo-de Albornoz,
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Krallinger, M., Loukachevitch, N., Davydova, V., Tutubalina, E., Paliouras, G.:
Overview of BioASQ 2024: The twelfth BioASQ challenge on Large-Scale Biomed-
ical Semantic Indexing and Question Answering. In: Goeuriot, L., Mulhem, P.,
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