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Abstract—In this paper, we presenta study of Admission Con-
trol in 3G systems.In particular, the behavior of algorithms al-
readypresentedn the literatur eis analyzed,with respectto their
implementation in UMTS-lik e systems,and a model of trade-off
betweenthe QoS metrics, blocking and dropping probability, is
presented.Obtained performanceis discussedand analyzedun-
der different points of view, and important related aspectsare
highlighted. Known algorithms are evaluated, in terms of fair -
nessand generality of the performancewhen realistic modelsfor
mobility, data rate and discontinuous transmission (DTX) are
takeninto account. Finally, better modelsand possibleways to
optimize theseaspectsare proposed.

|. INTRODUCTION

Third Generation Mobile Communication Systems are
basedon CodeDivision Multiple Access(CDMA) multiplex-
ing andaccessechniquesCDMA systemsallow animprove-
mentof systemcapacitywith respectto Frequeng or Time
Division Multiple Accesssystemshy avoiding the problems
of channelallocation,beingtheoreticallypossibleto manage
all userswith the samechannel. This phenomenoris called
soft capacity of a CDMA system,asopposedo the hard ca-
pacity of FDMA andTDMA systemsijn which the maximum
numberof userss fixed by theamountof physicalresources.

On the other hand, code-basednultiplexing is limited by
Quality of Service(QoS) requirementsgssentiallydepend-
ing on the power levels betweeneachuserandthe basesta-
tion (BS) the mobile useris connectedo. In orderto have
anacceptablgower level at the recever for eachconnection,
a power control (PC) mechanisnis implementedn CDMA
systems,with the goal to appropriatelytune the transmitted
powers.

Evenwith PC,the systemperformances however limited:
in generaltheadmissiorof userso the systemis alwayspos-
sible,atthe price of a generaperformancelegradatiorfor all
active users.lt is possiblethata setof userswith their QoSob-
jectivesdoesnot admita feasiblesolution,andin this casethe
PCalgorithmdiverges.Thus,in this casea previously admit-
ted usermustbe droppedin orderto guarantedhe requested
serviceto otheractive users.Of course from the users’point-
of-view, cuttingoff anexisting call is aneventthatshouldbe
avoided.

Henceforth the accesf usersto the systemmustbe con-
trolled, or congestiormay ariseandcausecall dropping.This
meanghata checkshouldbe doneto forecastf the systemis
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nearcongestionandin this casethe new call requestshould
be refused. Of coursethis control mustnot be too consera-
tive, becausélockinga new call is still an undesirablesvent
(thoughlessannging thandroppinganalreadyexisting call).

Call admissiorcontrol (CAC) canbe performedby follow-
ing iterative real-timeprocedureg?] [5] [6], or by heuristic
algorithms thatoperatea thresholdcomparisori1] [3] [4] [7]
(8] [9] [10].

Following [1] and[5], we can speakof Feasihility based
CAC (F-CAC) for thefirst classof algorithms,anddivide the
secondtlassinto Number- or Interference-based CAC (N-CAC
andl-CAC respectiely). This furtherdivision is basedon the
heuristicused(numberof uservs. somemeasureof thetotal
power).

The first approachleadsto analytically correct solutions,
that however require long evaluationtimes, mainly because
of the durationof the testing phase and otherproblemscon-
nectedwith computationatompleity. Moreover, algorithms
of this kind presentgood accurag, but also problemsunder
the aspectof fairness, i.e., thesealgorithmsact well if used
to maximizethe performancdrom the sener’s side, but their
adaptationo requestf users’satishctionis more difficult.
For thesereasonsno cleardecisionhasbeenmadeasto how
to selectandimplementtheseschemedn practicalsystems.

The secondapproachs moreinterestingfrom the point-of-
view of arealimplementationin these'instantaneousalgo-
rithmsthe evaluationtime is muchshorter becausehe capac-
ity of thesystemis approximatedby usingaheuristichasecn
measuringa quantity thatis simplerto obtainthanthegeneral
descriptionof the systemwhile of coursebeinglessaccurate.

Lower computationalcompleity and better performance
lead us to emphasizehe role of CAC algorithmsbasedon
heuristics,especiallyfor the caseof power measurementd-
CAC). Thenour goalis to analyze especiallyfor this classof
algorithmstheperformancén termsof blockinganddropping
probability anddiscusgparametepptimization.

Our researchanalyzeghe obtainedperformanceainderdif-
ferentaspectgi.e.,case®f trade-of, fairnessstatisticalprop-
erties),with considerationshatallow to identify new waysto
improve thesystem.

Moreover, the major contribution of thiswork is a proposed
approacho CAC thatis awareof mobility differencesamong
users,which canbe easilytracked by the BSs. The simula-
tions performedhave shavn that traditional approachesead
to unfairnessf userswith differentmobility patternscoexistin
thesamesystemandthata Mobility-awarelnterference-based



CAC (MICAC) canprovide muchbetterfairnesgperformance.

Finally, anothercontribution of thiswork is thepossibilityto
extendthe resultspreviously found to distinguishingmetrics
otherthanmobility, suchasdatarate or actvity factorof the
users,which canalsoleadto unfairnessof the algorithms. It
is shawvn thattechniquegproposedo take into accountusers’
mobility canbe appliedsuccessfullyn this caseaswell.

Thiswork is organizedasfollows: in Sectionll we studythe
performanceof InterferencebasedCAC. Furthermore,Sec-
tionslll-VI explainthefeatureof Mobility aware-CAC andof-
fer a comparisorbetweendifferentapproactby which users’
mobility canbe managed.Finally SectionVII concludeghe
paper

Il. GLOBAL PERFORMANCE OF |-CAC

Simulationshave beenperformedwith a simulatorof the
UMTS system,in which someuserdynamicshave beenim-
plemented.

The simulationernvironmentpresentsa deployment of the
usersbasedon a structureof 3 x 3 hexagonalcells wrapped
ontoitself soasto have no “bordereffect” 1.

In radio channelpropagtion, in additionto the pathloss,
bothfastfadingandshadeving have beentakeninto account:
fastfadingwith thewell knowvn multi-oscillatorJales’ simula-
tor [13] andshadaving with Gudmunsors correlationmodel
[14]. Dopplerfrequeng for the Jales’ simulatorhasbeenset
equalto f. + (v/)\) hertz,wherev is mobilespeed)\ = f/c
the wavelength,thatis equalto 0.16 in the simulatorand f.
is a constanterm equalto 2 Hz 2. The parameteof the log-
normaldistribution of the shadaving is o = 4dB.

We considemuserswvhosespeeds re-determinedvery0.1s,
so that the amplitudeis Gaussiardistributed, with assigned
meanand variance,and the directionis turnedof a random
angleuniformly distributedbetween-0.25r and+0.25x.

Usersare generatedpr alreadyconnectedusersterminate
their call, following a birth—deathPoissonprocess. When a
new userarrival time is calculated,even its mobility param-
etersare randomly determined by assigningit to one of 4
mobility classeswith equalprobability In practice,we have
indeed4 Poissonprocesseswhich correspondo 4 kinds of
user:stationary(meanspeed,, = 0.0m/s, with standardle-
viation v, = 0.0 m/s), slow (v,, = 4.0m/s,vs = 0.5 m/9),
medium(v,,, = 8.0m/s,v, = 1.0 m/s), fast(v,, = 12.0m/s,
vs = 1.0 m/s). Whenusersare admittedthe Power Control
triesto guarante@ minimum SIR y" = 4.5dB.

The examinedalgorithmfor AdmissionControlis RPCAC
[3] with differentthresholdvalues.It usesthe receved power
asheuristicfor the admissionj.e., the new call is admittedif
theBSrecevesfrom othermobilesa powervaluethatis under
a giventhreshold.Thus,differentvaluesof the thresholdP;;

INotethatthis wrappedstructureimplies 9 repliesof the cells, sothe num-
berof simulatedcellsis higher Moreover, the consistencef the resultsalso
for case®of 4 x 4 and5 x 5 cellshasbeenverified.

2This additionalconstantermallows to take into accountthe ervironment
mobility, i.e.,to assignanon-zeraDopplerfrequeny evento stationaryusers
withv = 0.

in the RPCAC algorithmare differentreceived power levels.
In our simulationsthey are normalizedto the averagepower
contritution thata MS, 0.5d away from the BS (d is cell ra-
dius),givesto P,,; whenit transmitsatmaximumpower level.

Anothercurve, introducedonly for the sake of comparison,
is calledAdmit all andcorrespondso giving accesgo thenet-
work to every userthat requestst (i.e., I, = o0). S0, ho
callsareblocked andonly the probability of droppingcanbe
calculated.

Thestudiedmetricsaretheprobability of blockingageneric
userthatrequestso be admitted(P;), the probability of being
droppedor auseralreadyin thesystemgdueto overloadof the
network (P,), anda weightedcombinationof thesetwo met-
rics,i.e., P, + 10P;, beingcall droppinggenerallyconsidered
moreannging thancall blockingduringtheadmissiorphase.
Thesemetricsareevaluatedasa function of the meanload of
eachcell in the network, expressedn erlang/cell.
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Let usconsiderFigures1-3: they represent’,, P; andthe
linearcombinationP, + 10P,, shaving their behaior for dif-
ferentthresholdvalues.

As it canbe obsered, when P,;, for RPCAC varies,block-
ing anddroppingprobability presentan interestingtrade-of,
becausdf thethresholds decreased,e.,thesystembecomes
moreconsenrative, P, increasesvhereasP,; decreasesHow-
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ever, Figures3 shaws thatthe linear combinationP, + 10P,
is almostindependenof thechoserthreshold.

It canbeconcludedhatthe choiceof thethresholddoesnot
affect the global performancgthe linear combinationhasal-
mostthe samevaluesin bothRPCAC andHCCAC cases)but
impliesgreatvariability of the pointin whichthetrade-of be-
tweenblocking and droppingis cut. Moreover, Figures1-3
shaw that a power-basedAdmissionControl allows a signif-
icantimprovementwith respectto the “Admit All” situation
(i.e.,call blockingis performedn a smartway, sothata great
numberof droppingeventsis avoided).

Theresultsshown in this sectionhave beenobtainedby us-
ing aspecificapproacho evaluatewhenauseris to bedropped
(approachesf suchkind arecalledin thefollowing drop poli-
cies). Othersimulationshave shavn that the resultsfor the
performancenetric P; arestronglydependentnthedroppol-
icy we use,thusit canbe usefulto investigate which policy
obtainsbetterperformance.Moreover, deeperinvestigations
shav thatonly the meanvalueof Py is often not sufficient to
correctlyestimatethe gradeof servicefor theusers:in fact, it
is possibleto obtainlow mearnvaluesevenwith aroughpolicy,
thaton the otherhandmay be unfair. This undesirablesffect
heaily affectsespeciallysystemsn which usersarestrongly
different,e.g.,in termsof their mobility parametersin fact,
unfairnesshecomesnoreevidentif we considerdetailsabout
differentmobility classe®f the users,n particularwe putin
evidencethe effect of the drop policy, aswill be donein fol-
lowing Sections.

I11. CONTINUOUS TIME UNDER THRESHOLD POLICY

The drop policies can be studiedby dividing themin two
steps:the detectionof the congestionandthe choiceof the
droppeduser In our simulations traceis keptof every users
SIR, andif the SIR of a userremainsbelov a thresholdy**
(i.e.,y; < ~th) for a specifiedamountof time, sayt,., conges-
tion is detectecandthatuseris dropped.This policy is called
in the following Continuous Time under Threshold (CTuT)
policy.

In this case,performances goodif only meanvaluesare
consideredbut the droppingprocesss unfair andhighly de-
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pendenton users’parameterdike mobility and call duration
time.

For example,considerFigure4, whereeffect on the perfor
manceof oneof thetwo mainparametersf CTuT policy, the
evaluationtime t.., is considered.

Differentvaluesof ¢, areconsideredwhereasyt® and1/u
have beensetto " — 0.5 dB and 20 s respectiely, where
~ta" is thetamget SIR of the PC. Figure4 shaws thatt, must
beconsenratively estimatede.g.,agoodchoicecouldbe1.2s)
or a performanceadegradationoccurs. However, too high an
evaluationtime could imply a slow reactionfor the system,
andthis could be undesirablaf the traffic in the network is
high.

Moreover, this global stratg)y doesnot obtaingoodresults
underthe aspectof fairness:in fact, for the mobility classes
definedin Sectionll, it canbe shavn that droppedusersare
partof thefirst mobility class(fixed users)in morethan50%
of the cases. Figure 5 shaws this situationin the left chart,
whereaghe oneto theright is a similar situationwith 6 mo-
bility classesnsteadof 4. Herethe 6 averagevaluesof the
speedare:0, 2, 5, 12, 15, 20 m/sandthe standardieviations
are:0m/sfor stationaryusersf.5m/sfor pedestriamnesand
1 m/sfor vehicularones.
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IV. USERS' REMOVING STRATEGIES

A wayto improve fairnesscouldbeto changeheway users
areremoved. We canimplementa differentusers’removing
stratgy ratherthanremoving theworstone(i.e., the onethat
hasbeenidentifiedin congestion). Two simple possibilities



areto drop a userat randomor to drop the last entereduser
This secondchoicecould be intuitively explainedasfollows:
sincebeforethe lastadmissiorthe systemwasnot congested,
thelastadmittedusercould oftenbeidentifiedasthe causeof
congestion.
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Fig.6. CTuT: comparisorusers’removing strat@ies

Figure 6 shows thatin orderto obtain good performance,
a congestiondetectionmechanismshould always be associ-
ated with the removal of the worst user If other policies
are used,i.e., the last entereduseror a randomly chosenis
dropped, higher fairnessis obtained,but at the price of a
higherdroppingprobability In particular bothpoliciesobtain
a perfectlyfair distribution of droppedusersamongmobility
classeqsince even the last entereduserhasthe sameprob-
ability to belongto ary class),and the blocking probability
remainsthe same peingthe only variationin the drop policy.
However, thereis anincreaseof thedroppingprobability, that
is higherwhenthe lastentereduseris dropped(thusthis pol-
icy appears$o beunnecessaryasit obtainsworseperformance
thanarandomuserremoving policy).

However, the real problemis in the congestiondetection
part: the differencesbetweenthe userslead unavoidably to
atrade-of betweerfairnessandgoodnes®f the averageper
formance. The problemof the CTuT policy is thatit is not
tunablein orderto cutthetrade-of appropriatelyIn fact, if it
is supposedhatthe parameters®” andt,. arefixed,theonly
way to improve the performances to changehresholdsn or-
der to give accesamore frequentlyto fixed users,or mobile
users.Note thatthereis a trade-of betweenstationaryusers,
which achiere worst performanceasthey causean increase
of droppingprobability and mobile userswhich guaranteea
lower droppingprobability but causea decreasef the fair-
nessbecausehey aredroppedby the systemlessfrequently

This fact canbe highlightedby seeingFigure 7, whereour
proposednulti-thresholdAdmissionControlhasbeenconsid-
ered. In this case,it is supposedhat the systemtracksthe
speedf themobileusersthatbelongto six mobility classesis
describedefore.Whenanew usersendsarequesfor admis-
sionto the systemthe RPCAC algorithmusesa variablead-
missionthresholdfor receved power, dependingponthe users
speedthat the systemhas previously tracked. In our simu-
lations, there are 4 threshold,as describedin Tablel. They
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Fig. 7. CTuT: distribution of droppedusers’mobility classesss. system
performance

areintendedfor fixed, slow, averagespeedandfastusers re-
spectvely. Tablel alsoshavs how thethresholdsarechanged
if adjustmentsare made: for the sale of simplicity, it canbe
doneby changinga singleparametetr.

Thresholdhame | speedange(in m/s) value
Zo <01 T9(1 + 5a)
Zs 0.1+5 1.9(1 + 2a)
Za 5+ 12 1.9(1 — 2a)
Zy > 12 1.9(1 — 5a)
TABLE |

MULTITHRESHOLD VALUES AS FUNCTION OF o

If « is increasedyvehicularusersare acceptedmore fre-
quently than fixed or walking pedestrians. This improves
the performanceasthe droppingprobability is reduced:the
blockingprobabilityis increasedalthoughthis is a side-efect
of thereduceddroppingprobability andthetrade-of between
blockinganddroppingis cutatapointof higheraverageQosS.
However, the fairnessof the systemis further decreasedye-
causethe percentagedf droppedusersbelongingto the sta-
tionary or pedestriarclassesare not significantly decreased,
whereagheseusersareblockedmorefrequently Ontheother
hand,if « is decreasedit becomesasierfor a slow userto
be accepted.This causehowever the percentagef dropped
usersbelongingto the stationaryor pedestriarclassego be
highly increased.Figure 7 hasbeenconstructedas follows:
every charton the figure representhe percentag®f dropped
usersof eachclass, for a given value of the a-parameter
Moreover, the line betweerthe chartsandthe positionof the
chartsthemselesare proportionalto the performancemetric
P, + 10P; definedin Sectionll. So, Figure7 shows thatfor
a = 0.2 almosthalf of the droppedusersarefixed andmore
than75% areeitherfixed or pedestrian Thatimplies thatthe
probability of being droppedfor fixed usersis more than5
timesgreaterthanfor vehicularusers,andsoin this casethe
systemcannot be consideredair. We canconcludethatboth
waysto operateleadto poor performancebeingthe intrinsic
fairnessof CTuT policy extremelylow.

An interestingpbsenationthatcanbemades thattheglobal



performancef thesystemwhenthethresholdareequalfor all
mobility classedi.e., @ = 0.0) is poorerthan the casesin
which differentkinds of usersareadmittedin a differentway.
This factis a consequencef a generalfeatureof Admission
Control,thatcouldbebetterperformedwvhenthereis apriority
orderbetweerthe users(in this casewhena > 0 fixedusers
arepriorizedwith respecto mobile usersandvice versa).

A conclusiorcanbeextractedfrom thisremark:in asystem
wherethere are different mobility classesa small variation
of the thresholdscould be suitable,if it is ableto decrease
the dropping probability without significantly increasingthe
probability of blocking the mostpenalizedclass. However, a
larger variation of the thresholdmay perturbethe systemtoo
much,soit is undesirableThus,in theanalyzedcase choices
like a = +0.1 seemsto be both better performantthanthe
singlethresholdcasea = 0: here,the obvious disadwantage
of having differentaccesgor eachmobility classis overruled
by the droppingprobabilitydecrease.

V. PoOSITIVE/NEGATIVE REWARD

Othercongestiordetectionpoliciescanbeidentified,in or-
derto guarantegreaterfairnesgshanthe CTuT policy. A sim-
ilar policy thatseemgo bemoreaccuratehanCTuT is aPPos-
itive/Negative Ravard policy (PNR),in which a counteris set
to O for eachuser anda call is droppedwhenthe usercounter
goesbelow a giventhreshold.The counterupdatehappenst
the end of eachframe,andit is suchthat a userwhoseSIR
is below athresholdliosesl point, whereasvhenthe SIR ex-
ceedthethresholdhecounteris increasedby k points(usually
k > 1): in this way drop eventsarelessfrequent. Moreover,
notethat CTuT canbe considerecasa particularPNR policy
in whichk = 0.

However, this policy is unfortunately even more unfair
thanthe CTuT. In facta larger numberof stationaryusersis
dropped sincealmostalwaysa fixed userslocatedwherethe
coverageis badhasa very high probabilityto have its counter
decreasetbr all frameswhile amobileusercangain positive
rewardsasit movesor asit hasa framewith high SIR dueto
fastfading.
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Resultsfor k = 5 areshavedin Figure8, wherethethresh-
old is the sameof the CTuT policy andthe usersaredropped
whentheir countersreach—120. Note thatthis caseis com-
parablewith the situationdepictedin Figure 7, becausehe
algorithm actsalmostidentically to the CTuT for stationary
users(which receve burst of negative rewvardswhenthey are
in bad coverage) while it advantageghe mobile userswhen
they have a SIR overthethresholdevenif it happen®nly for
aframe.

The parameter on the x-axis hasthe samemeaningasin
Figure 7, i.e., is a way to changethe thresholdsin orderto
guarante@asieraccesgo certainclasseslin thesinglethresh-
old case(a = 0) the PNR policy improvesthe global perfor
mance(the metric P, + 10P; is lower) but at price of hav-
ing a more unfair system. Moreover, in caseswith o # 0
we have moreunfairnessand poorerperformancehanin the
CTuT cases. We can concludethat this policiesis usefulto
lower thedrop probability but is useles$o have afairnessm-
provement.

VI. DROP POLICIES BY AVERAGE SIR

Another class of heuristicsthat is indeed different from
CTuT consistsof policiesin which the SIR is averagedover
a giventime interval. An exampleof drop policy that uses
this criterionis theMean SR under Threshold (MSuT) policy.
WhereasCTuT allows bettertreatmento high speedmobile
usersMSuT tendsto advantagdixeduserspecaus¢hemean
valuesareworsewhenthe Dopplerfrequeng is higher

However, the MSuT has a problem connectedwith the
power control, thatis implementedoy changingthe transmit-
tedpower by +0.5dB, with thegoalof keepthe SIR over~ter.,
This impliesthat negative peaksin the SIR (thatarecommon
for userswhich arenearto a newly establishectall) are not
compensateth the meanvalue,sincethe power controldoes
not generatepeaks,but tries to force the corvergenceto an
assignedsalue. Then,whenthe SIR risesover the threshold
~tar the PC stopstheincreaseof thetransmittecdoower, andif
it happensfteranegative peak,evenshortin time,theaverage
SIRis keptlow for alongtime.

The performanceof MSuT policy is not shavn, sinceit is
quite similar to the casein which CTuT is usedwith a user
remaoving stratgy thatdropsthelastenteredisers.Thismeans
that,independendf fairnesstheglobalperformancés toolow
to beacceptable.

We proposea way to extendthe MSuT policy sothatit has
both good performanceandfairnessandcall it Mean SR in
2 out of 3 frames under Threshold (MS2/3uT). Here, in or-
derto avoid problemswith negative peaksthe averageSIR of
eachuseris computedframe-by-frameandthe valuesof the
three latestframesarestored.At eachframe,thelowestvalue
is discarded andthe two remainingvaluesare averaged. If
theresultingvalueis belov a giventhresholdyt?, the useris
dropped.

This mechanisnhasseveraladvantagesfirst of all, it is fast
to compute sinceit requiresonly evaluationof threeframes.
Moreover, it doesnot dependon the call durationtime, which



is usuallylongerthanthreeframes. Finally, if the requestof
new callscanbeconsiderearareevent(i.e., A is nottoo high,
sothatthe probability of having two accessem two adjacent
framesis closeto zero),it allowsto neglectthe negative peaks
dueto thenew callsin computingthe SIR, becauséhe frame
in whichthenew call arriveswill bediscarded.
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Fig.9. MS2/3uT distribution of droppedusers’'mobility classews. system
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Simulationsor MS2/3uThave beenperformedwith thefol-
lowing parametersinsteadof the six mobility classesf the
CTuT, only threevaluesfor the averagespeecdhave beencho-
sen: in this scenario,mobile userswith averagespeedof 0
m/s, 6 m/s, 12 m/s have beenconsideredthat are called sta-
tionary, slow andfastrespectiely. Admissionthresholdfor
the pedestriarclassis always Z,, = 1.9, while thresholdsor
stationaryand vehicularusersare Z, = 1.9(1 + 0.5«) and
Z, = 1.9(1 — 0.5a) respectiely. Thethresholdy® hasbeen
let equalto 2" — 3 dB. Underall otheraspectsFigure 9
is identicalto Figures7 and8. For betterreferencethe per
centageglepictedin eachchartarealsorepresenteih Table
. 1t is clearthatMS2/3uTpolicy hasa higherdegreeof fair-
nesswith respectto CTuT. In fact, even without tuning the
a-parameterthethreepercentagearesimilar andthe system
can be consideredair. If a wider fairnessis desired,Table
Il shows that a choicelike « = —0.3 could addresshis re-
guest,althoughFigure9 shaws a correspondingerformance
degradation.

a | %stationary| %pedestrian] %vehicular
-05 0.3134 0.2798 0.4068
-0.3 0.3208 0.3225 0.3567

0 0.3138 0.2997 0.3865

0.3 0.3714 0.3001 0.3285
0.5 0.3657 0.3245 0.3098
TABLE I

DROPPED USERS VS. MOBILITY CLASSES AS FUNCTION OF o

As a final remark,it canbe concludedthat sucha policy
is surelymoresuitableunderthe aspecbf fairnesspbut obvi-
ously presenta smalldegradation(evenif it canbe managed
by appropriatethresholdchoices)in the performancemetric
values,andthis is duemainly to a highernumberof dropped

calls (the blocking probabilityis essentialljthe sameaswhen
CTuT is used). Finally, a policy similar to MS2/3uT, with a
generalizatiorof the parametergould be optimal to be used
asdrop policy for the UMTS system,in orderto obtaingood
fairnesavithout compromisinghe performance.

VIl. CONCLUSIONS

In this paper Call AdmissionControlinstantaneouthresh-
old algorithmsare modeledand discussedandtheir applica-
tion to Third Generatiorsystemdiasbeenemphasized.

Simulation resultsshov that Mobility aware Interference
basedCall AdmissionControl allows to improve the perfor
mancewhenan instantaneoubeuristicevaluationof the net-
work is implemented. In fact, simulationshave shavn that,
even thoughthe resultsmay be globally good, improvement
underthe aspectof fairnessmay still be necessaryDifferent
systemshave beenimplementedand simulationresultshave
beendiscussedinderthe aspect®f sensitvity to their param-
etersandfairness.

Theway to optimizethe performancecanbeidentifiedin a
bettermodelof the drop policy, in which not only the global
blockinganddroppingprobability but eventhe behaior with
respecto eachmobility classis considered.
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